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KNIME Fall Summit 2018
- Opening -

Jim Falgout & Michael Berthold

KNIME
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The Plan...

• Recent KNIME highlights

• Hypes and Trends: AI, ML, DS,… Automation!

• The Summit.



3© 2018 KNIME AG. All Rights Reserved.

A (small) Subset of Highlights
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Internal Highlights: New (US) KNIMErs

• Jim Falgout

• Jeff Gullick

• Scott Fincher

• Cynthia Padilla

• Jason Tyler

• David Butler

• Paul Treichler

• Jason Denzin

One EU Highlight:

• Christiane Kallfaß
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A few Tech Highlights: Tool Blending

What’s New Session, Various mentions,
and tomorrow at 10:00
“…KNIME… for High-Throughput Image Analysis”
Andries Zjiestra (Vanderbilt/Nashville)
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Talking about Blending…



© 2018 KNIME AG. All Rights Reserved. 8

A few Tech Highlights: Automation & Management

Tomorrow at 9:30
“On Monsters and Tags...”
Jeany Prinz & Greg Landrum (KNIME)
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Two Tech Highlights for Dean…
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Tech Highlights

many more…:

• New Data Types & Sources

• More Tools in the Blender

• Beautiful Visualizations

• Performance and Management on the Server

• Containerization of Workflows

→ What‘s New Session!
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A Side Note on Software Quality

Conclusions
[…]
1. Of the five that offer the sample variance, __ employs a bad algorithm.
2. All seven offer linear regression, and only IBM and KNIME offer reliable algorithms.
3. Of the two that offer ANOVA, __ has a bad algorithm.
4. The __ polynomial regression procedure appears to be extremely inaccurate.
[…]
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Let’s talk about Trends!
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Technology Trends

• Artificial Intelligence, Machine Learning, Deep 
Learning, Data Science, …

• Automation (Driverless, Robotic, Magic…) AI/ML

• Productionizing Data Science
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Artificial Deep Intelligent What?

• Machine Learning
– Learn a Model to fit some data

(predict airline delays, adjust heat, control valve, …)
– Or: improve performance of an agent from feedback

• Artificial Intelligence
– Learn to Perform a Human-like Task

(recognize objects in images, words in speech signals, …)
– Pragmatic AI often mistaken for Pure AI*

* Mike Gualtieri: “Artificial Intelligence: Fact, Fiction”)
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Artificial Deep Intelligent What?

• Machine Learning
– Learn a Model to fit some data

(predict airline delays, adjust heat, control valve, …)
– Or: improve performance of an agent from feedback

• Artificial Intelligence
– Learn to Perform a Human-like Task

(recognize objects in images, words in speech signals, …)
– Pragmatic AI often mistaken for Pure AI*

• Data Analysis, (Advanced/Visual) Analytics…
– Extract (understandable!) Knowledge from Data

(customer behavior, reason for churn, …)

* Mike Gualtieri: “Artificial Intelligence: Fact, Fiction”)

→ Methods!

→ Tasks!

→ Insights!
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ML vs AI vs Data Science

Machine Learning:
Train Models for
• Predictions / Forecasts
• Clusters / Groupings
• Anomalies / Outliers
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Machine Learning and Deep Learning

• Classic Machine Learning (incl. Neural Networks):
– assume data is ready to go

• Deep Learning
– More Power = Learn More from More Data

– Move Learning also towards Data Preparation

• Learning works best with background knowledge!

Scott Fahlman:
“if you have great preprocessing, you don’t need a learner”

J.S. Denker(?): “Neural Networks are the second best way to do almost anything”
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ML vs AI vs Data Science

Deep Learning:
Train Models that also 
transform data
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ML vs AI vs Data Science

Data Science:
Applications that
• create Models
• provide Summaries
• trigger Insights

Today at 5pm
“Doing the Data Science Dance:
The Interplay Between Algorithms, Data Preparation, Sampling, and Interpretation”
Dean Abbott



© 2018 KNIME AG. All Rights Reserved. 21

Automating What?

Automating Data Proc:
• Feature Selection
• Feature Construction
• Data Cleaning

Automating Analytics:
• Parameter Optimization
• Model Selection
• Ensemble Construction

Automating Data 
Integration:
• Parsing
• Record Matching
• …
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Automating How?

• Try: (Brute Force)

– Use compute power to try variations

• Copy: (Transfer Learning)

– Use similar problems as starting point

• Learn: (Bayesian Optimization)

– Use Machine Learning to predict/learn parameter space
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Automating Everything?

Automating Data Proc:
• Feature Selection
• Feature Construction
• Data Cleaning

Automating Analytics:
• Parameter Optimization
• Model Selection
• Ensemble Construction

Automating Data 
Integration:
• Parsing
• Record Matching
• …

Human Input Needed!
• Data Selection – Is this relevant?!
• Analysis Goal – What is interesting?
• Exploration – This looks weird?...
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Automating How?

• Try: (Brute Force)

– Use compute power to try variations

• Copy: (Transfer Learning)

– Use similar problems as starting point

• Learn: (Bayesian Optimization)

– Use Machine Learning to predict/learn parameter space

• Interact: (Guided Automation)

– Augment Automation with Human Intelligence



© 2018 KNIME AG. All Rights Reserved. 25

Flexible Automation / Interaction

• Data Scientists build (or start from template)

– automate the boring pieces

– add interaction where human feedback is needed

• Deploy to Business Users as Analytical App

– hides complexity

– enables interaction at the right level of detail

(How much interaction? That depends…)
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KNIME’s Guided Automation: Automation + Interaction

Interaction Points

Automated
(prepackaged, updated, or

created by in-house experts) KNIME Server

www.myserver.ch

Tomorrow at 2pm
“Guided Analytics for ML/AI Automation”
Christian Dietz & Simon Schmid (KNIME)
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What’s Next?

• AI Hype will start to cool down
– some applications successful (“pragmatic” AI)
– getting closer to real cognition (“pure” AI) out of reach
– next step: make AI/ML part of the mix

• Automation will hype a bit more
– potential for automation of well defined problems
– move to production a lot harder (remember Big Data?)
– flexible platforms increasingly important

(productionizing Data Science)

→ Augment human expertise, don’t replace it!
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KNIME Fall Summit 2018
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KNIME Spring Summit 2018
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9am:  Short Server Intro
Jon Fuller (KNIME)

8:30am:
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The KNIME® trademark and logo and OPEN FOR INNOVATION® trademark are used by 
KNIME AG under license from KNIME GmbH, and are registered in the United States. 

KNIME® is also registered in Germany.


