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What this session is about

* Presenting (and demo’ing) enhancements added in
the last year

By the team

e Questions? See us at the booth.

§ Open for Innovation ®



KNIME Software

Load > Integrate > Transform > Analyze > Visualize

@ gy e S :
§ KNIME  :: :: Community :
o : - s ] ¥ - 1
v - Integrations :: -:  Extensions
e o § KNIME e
Q I )
S 1 KNIME Analytics Platform " Partner
Extensions :: . Extensions
KNIME Server 9am tomorrow:
Short Server Intro
Jon Fuller (KNIME)
Collaborate Automate Manage Deploy
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Git Client Nodes

e Extract Statistics from
Git repositories

e Push, Pull, Tag,
Commit History & Details

© 2018 KNIME AG. All Rights Reserved.

KNIME Analytics Platform — Source Code on GitHub

Y - LAV

* Source Code available
on GitHub & BitBucket

KNIME® Analytics Platform - SDK Setup

g o heccme

https://github.com/knime/ & & = = E E :i;

o bsh inighs. o pracch e utures. Oueenterin-gade, open souece pltcem s e 8 deioy. sy

A\ KNIME

A
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Math Formula (Multi Column)*

VEiGES sl Flow Variables

 Selected Columns (assigned one by one to "CURRENT_COLUMN")

Job Manager Selection =~ Memory Policy

Math Formula
(Muiti Column)

° Manual Selection Wildcard/Regex Selection

> T

*) This is not only for Dean.

© 2018 KNIME AG. All Rights Reserved.

interest income

other income

public assistance income

retirement income

self employment income
suoplementarv social securitv income

av

Flow Variable List

e

COL_MIN(col_name)
COL_MAX(col_name)
COL_MEAN(col_name)
COL_MEDIAN(col_name)
COL_SUM(col_name)
COL_STDDEV(col_name)

FOL \IAD enl 0y

- Exclude Select r Include
Column(s): Search add >> Column(s): Search
Select all search hits Select all search hits
S sex add all >> I interest income
S citizenship status I other income
S category of work | public assistance income
S english ability << remove | retirement income
S vehicle occupancy I self employment income
S means of transportation to work | supplementary social security income
S marital status << remove all I social security income
S military service I wage income
© Enforce exclusion ~ Enforce inclusion
~Math Expression
Column List Category Description
ROWINDEX All
ROWCOUNT
CURRENT_COLUMN Eanetion
weight
age ROWCOUNT
quarter of birth ROWINDEX
income adjustment pi

Expression

$$CURRENT_COLUMN$S * $income adjustment$/le6

A

Open for Innovation ~ ®
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Column Expressions

. . o e Dialog - 2:2 - Column Expressions - + X
e Swiss army knife for deriving e
n ew CO I u m n S Formula | Flow Variables | Job Manager Selection | Memory Policy |
NN NN
(] I E i T Replace Col Output Col
CO m p ete type S u p po rt capitaIize(coIumn(ﬁgistsil;rr;e")) String e - ac?/ o first :afni e
capitalize(column(last_name")) String v last_name
. . a = column("age")if(isMissing(a)) a = 18if...|Boolean value LI prediction
* Multiple expressions
Expression Editor
|+ column |+ variable |+ function
1a = column("age") el
2
3if(isMissing(a))
4 a =18
5
sifland(a = 30, column("student"))) false
7 else true L
Evaluate on first row
Column Expressions B
-
LT
L ]
0K ‘ l Apply ‘ I Cancel ‘ @

Open for Innovation ~ ®
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Outlier Handling

Outlier Detector
 Handle extremely large or small —
. . — 3 >
values in numeric columns .
 Replace Values or Filter Rows -oe o
CO ntaining Outliers O;j:::::;in Group Settings  Flow Variables  Job Manager Selecton  Memoary Palicy
(®) Manual Selection () Wildcard /Regex Selection
e Usual pattern of Compute-and- =
Y [er | Y [ter
Apply No columns in this lst : :;21: Py
| pumadd
(two nodes) | o
i?f'g”é
| Chueos
| citwpi2 .
(®) Enforce exdusion (;) Enforce indlusion
_‘:;n:s::t;;g Og;z:?s; (C) Remove Row

[]Update domain Replacement strategy m

[+4] Process in memory

esumton e

ok || Ay || Cancel |

© 2018 KNIME AG. All Rights Reserved.




Google Connectivity (Labs)

e Read and Write Sheets
in Google Drive

e Access via APl Token &
Interactive

e Same concepts as
Google Analytics
Nodes

© 2018 KNIME AG. All Rights Reserved.

ﬁ”ﬂdEREPGSitﬂI’}F ﬂ| L [ala]

v _f KNIME Labs
v (5 Google API (labs)
v E Google Sheets
E Google Sheets Interactive Service Provider
E, Google Sheets Service Provider
E Google Spreadsheet Reader
E Google Mew Spreadsheet Writer
E Google Spreadsheet Updater
v 1y Social Media
v 3 Google API
v = Google Analytics
ﬁ Google Analytics Connector
L4 Google Analytics Cuery
(& Google API Connectar




Kafka Integration (Labs)

* Apache Kafka — distributed publish-subscribe
streaming platform

 KNIME Integration supporting sending and

Dialog - 0:2 - Kafka Producer

consuming messages

Flow Variables rjnb Manager Selection rMemnry Policy ‘
Settings r Transaction Settings r Advanced Settings L

Value

1
16384

33554432
e

non
false
0

60000
onne...|5
1048576
org.apache.kafka.clients. produc...
32768

30000

Kafka Consumer ETL

0
60000

| Add | | Add all | | Remove ‘ ‘ Remove All

| oK Il Apply || cancel | @\

Open for Innovation ~ ®
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Azure/Microsoft SQL Server R Services

Learn Model

e R Learner
> RE
o - ~—
7 Learn R Model . . . .
° -~ ‘\ Predict using R in Microsoft SQL Server
Upload data for prediction ™~ Run R Model in
- P P " |Microsoft SQL Server patabase Reader
Column Filter T—a
A L e
e )
_ - Database Writer o L
A ® T S/ In-Server Retrieve
- Remove ) \*-., / R Prediction Result Table
class column  / » \ /
Database SQL | ;@;ﬁig :}: \ Database Table /!
Executor | ' Sal Table .. Selector Y’
—HEis E : |
1 ® ®
Delete Table Mode 19
“MewData”

© 2018 KNIME AG. All Rights Reserved.
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Workflow Automation — “Call Workflow”

= 8
* Call out to other  |aw-= -
KNIME Server
k fI Connection
o Call Workflow
Use the new server connection (Table Based) Table Writer
J— Loca I I Sa m e node ifthe callee resides on _—
a KNIME server I/"”f -;ﬂ
. —
/'/ _--"---_
e Table Creator __d__,.-'—” " [ ] [ ]
I n St a n C e __ Sendthe inputtable to Continue work on the
__ the callee worklfow and processedtable or
receive the processed perform terminal operation
L table back once
— On KNIME Server vt s e
A 3 Callee 22

Container Input

e Orchestrate set of by

(el -. | o—-x\

W O r kfl O WS ; .- ‘\\ . . . Container
Receive variables \\_HCiII'l.mll Filter ~ ColumnFilter  Column Filter Output {Table)

from caller

e o | L e 1~ g

Foantainar

» L] [ ] [ ]
TomorrOW at 930 I useful operations Send processed

“On Monsters and Tags...” T
Jeany Prinz & Greg Landrum (KNIME)

© 2018 KNIME AG. All Rights Reserved.



Promotion of KNIME Extensions out of KNIME Labs

 REST Client Nodes
e Feature Elimination
e JavaScript Views (c.f. Guided Analytics)

* Text Processing

§ Open for Innovation ®




Big Data Extensions
— Tobias Kotter —

© 2018 KNIME AG. All Rights Reserved.



KNIME Big Data Connectors

* Preconfigured connectors
— Hive

— Impala
— (secured) HDFS, webHDFS, httpFS YV
Certified

* Runs on Hadoop

e Support for Kerberos secured cluster

e Extends the database and remote file handling
integration

© 2018 KNIME AG. All Rights Reserved.



Database Extension

* Visually assemble complex SQL statements
 Connect to almost all IDBC-compliant databases

Harness the power of your database within KNIME
* QOperations are performed within the database

[BigData Connectors | In-database Processing Loads your pre-

Vertica Connector Database _prDCESSEd data
' Column Filter into KNIME
m iy
[ )
Database Table Database Connection
Hive Connector Selector Database Row Filte| tabase Joiner Database Sorter Table Reader

E——a it e
[ ] [ ]
base Connection
Impala Connector tabase GroupBy Table Writer
(o

© 2018 KNIME AG. All Rights Reserve



KNIME Extension for Apache Spark

* Based on Spark MLIib q
* Scalable machine learning library SprK

 Runs on Hadoop

* Algorithms for
— Classification (decision tree, naive bayes, ...)
— Regression (logistic regression, linear regression, ...)
— Clustering (k-means)
— Collaborative filtering (ALS)
— Dimensionality reduction (SVD, PCA)

e Supports all major Spark version
e Support for Kerberos secured cluster

© 2018 KNIME AG. All Rights Reserved.



Familiar Usage Model

* Usage model and dialogs similar to existing nodes
* No coding required

e Spark nodes start and manage Spark jobs

e Data stays within your cluster

Preprocessing Spark Decision

Create Local Big 3 yadoop Spark Category gpary partitioning Tree Learner
Data Environment Hive to Spark To Number

| ey |
B—n
g L L
® training . ..\ ® Spark Number To
_ Category (Apply) Spark Scorer
Big Data data convert a Hive query rk Predictor n

Environment into a Spark — 21 ._ﬁ
DataFrame - r.

© 2018 KNIME AG. All Rights Reserved.



Big Data Extensions — What’s New

* Free & open source since December 2017
* Cloud connector support

— Amazon S3
— Microsoft Azure Blob Store

Open for Innovation ®
© 2018 KNIME AG. All Rights Reserved. KN I M E



KNIME Big Data Connectors

Better support for big data file formats:
— Why? Efficiency & Speed
— Which formats? Parquet and ORC

New Updated
Parquet Writer ORC Writer Hive Loader Impala Loader
| |
- 8 rim it
O . &8 | o8 |
Parquet Reader ORC Reader Spark to Hive Spark to Impala
2 & S
O -e .8 | o0 |

Open for Innovation ®
© 2018 KNIME AG. All Rights Reserved. KN I M E



KNIME Extension for Apache Spark

* Data preparation

— Spark GroupBy

— Spark Pivot

— Spark Missing Value (Apply)
* Data mining

— Frequent ltem Set

— Association Rule Learner (Apply)
e Usability

— Destroy Spark context when workflow is closed

Open for Innovation ®
© 2018 KNIME AG. All Rights Reserved. KN I M E



Local Big Data Environment

Local Big Data Environment Settings Flow Variables

crEﬂtE L[":al Eig Context name: |h'1ime5park.Context
Data EmAronment ﬁ!
Mumber of threads: ZEI
Action to perform on dispose
() Destroy Spark context

(®) Delete Spark DataFrames
m (O Do nothing
[] Use custom Spark settings
Custom Spark settings:
spark.jars: /path/to/some.jar
PrOVides everything to spark.sgl.shuffle.partitions: 100
* get started with big data easily
* rapidly prototype workflows S0t suppart
* |leverage Spark on multi-core machines 8::;“"’

(® HiveQL and provide JDBC connection

Batteries included:

* no further software installation required
* no cluster required

* no jobserver required ] Hide warring about an existinglocal Spark context

[] Use custom Hive data folder (Metastore DB & Warehouse)

| - Browse... IZ‘

Open for Innovation ~ ®
© 2018 KNIME AG. All Rights Reserved. KN I M E



Demo

Spark Column
Spark Pivot Rename (Regex)

e

Spark to Hive

L L
Create Local Big O linout U Additional
Data Environment ptional inpu nnecessary file format {)H(: Reader
for pivot values with next version options

rk to ORC
Spark Association gnark Column Fltk °
Spark GroupBy Rule Learner Read from:

i - local file system

" A - Hadoop hdfs
-Amazon 53
® L [ ] [ ] F ‘I- - Remaove -Azure Blob Store
amiliar
Write to: PMML usage Confidence%

- local file system model model column

-Hadoop hdfs output

-Amazon 33
-Azure Blob Store

Open for Innovation
© 2018 KNIME AG. All Rights Reserved. KN I M E



Deep Learning in KNIME

- Christian Dietz -

© 2018 KNIME AG. All Rights Reserved.



Deep Learning?

* Very complex Multi-layer Neural Networks

e Great performance on images, sound, text or
timeseries data.

© 2018 KNIME AG. All Rights Reserved.



KNIME Deep Learning

e Lots of frameworks out there (e.g. Keras, Tensorflow,
CNTK, PyTorch, DL4J, MXnet,...).

e Make DL frameworks more accessible for non-
experts.

%\ DL4Y K

Since 3.2 Since 3.5 Since 3.6

TensorFlow

© 2018 KNIME AG. All Rights Reserved.
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Execut
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KNIME Deep Learn
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e
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Open for Innovation
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KNIME Deep Learning — Executing

DL Keras
Network Reader
k,_Hl\N
InceptionV3, g
re-trained on ImageNet ‘H“‘x
P .~ DL Network Executor
Preprocessing ~—

— I

/ Ouipl.ll: probahllrhes for \ Format resulis
Read Images / 1000 ImageNet classes _:n’

Open for Innovation ~ ®
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KNIME Deep Learning — Executing

DL Keras
Network Reader
o= T~
InceptionV3, g
re-trained on ImageNet ‘H“‘x
g .~ DL Network Executor
Preprocessing ~—

— I

output: probabilities for \ Format results
Read Images 1000 ImageNet classes _:n

Open for Innovation ~ ®
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KNIME Deep Learning — Executing

DL Keras
Network Reader
k,_Hl\N
InceptionV3, g
re-trained on ImageNet ‘H“‘x
P . ./ DL Network Executor
Preprocessing —

) = N
output: probabilities for \ Format results
Read Images 1000 ImageNet classes _:n

Open for Innovation ~ ®
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K N I M E D e e Output data - 0:75:65 - Column Resorter S -

File Hilite Navigation View

[ Table "default” - Rows: 7 | spec- Columns: 3 | Properties | Flow Variables |

8§ Predicted Class D Class ...

I

§/ dalmatian, coach dog, carriage dog (0.966

soccer ball 0.999

IIl

0.98

<

Open for Innovation ®
© 2018 KNIME AG. All Rights Reserved. 30
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0:105 - DL

Keras|

Keras

2,25

2.00

1.75

1.50

1.25

Loss

1.00

0.75

0.50

0.25

0.00

4] 10 20 30 40 50 &0 70 20 90 100 110 120 130 140 150 180 170 180
Batches

— Training data — Validation data
Horizontal Zoom:

180 200

[ Smoothing B

Validation data
Tr. g data
0177198 —
0.184853
0.250643
0181917
0177437
0193747
0.279152
0.187646
0.168695
0.199019
0.205809
0.227392
0.168258
0.206225
0.195409
0128804

0.22102
0.1738966
0.228478
0.243664
0.239018
0177578
0.1838844
0.230614
0.227359

0.35351
0.297778
0197239
0.209807
0.130986
0.154563

>l jults Scorer

Current Value;
0.154563 B

Epoch
Batch
Start time: Sat, 03 Mar 2018 00:51:15

Elapsed: 00:02:12 (hh:mm:ss)

Learning stopped

© 2018 KNIME AG. All Rights Reserved.

Avg. duration / epoch
00:00:26.5 (hh:mm:ss.ms)

Avg. duration / batch
00:00:00.6 (hh:mm:ss.ms)

E Open for Innovation ®




KNIME Deep Learning — TensorFlow Integration

TensorFlow

Network Reader DL Python
' Network Editor
® _—= £

Load Tensorflow network /, d =

Keras Motwork Keras to TensorFlow ///

Reader MNeiwork Converter DL N rk Executor
; I. nedl |onl‘.’3, Net Fiead and / Execute network

pre-irained on gene prepare data - &orm&t results

[z ROV o

transform probabilities
to predicted classes’ labels

© 2018 KNIME AG. All Rights Reserved.



KNIME Deep Learning — What else?

e Customize existing networks
 Modify network architectures
* Transfer Learning

 Export and deploy networks

Make DL more approachable!

© 2018 KNIME AG. All Rights Reserved.



KNIME H20 Sparkling Water Integration

- Christian Dietz -

© 2018 KNIME AG. All Rights Reserved.



What is H20?

* Open-source machine learning
framework

* Fast, scalable and in-memory
implementations of state-of-
the-art machine learning
algorithmes.

* Massively scalable big data
analysis on for example on
Apache Spark

Hzo.oi

H,O Prediction Engine
SDK/API

Rapids Query R-engine Nano Fast Scoring Engine

Deep Learning

In-Mem Map Reduce
Distributed fork/join

Memory Manager
Columnar Compression

© 2018 KNIME AG. All Rights Reserved.



RECAP: KNIME H20 Machine Learning Integration (since 3.4)

w - H20 Machine Learning
hg=1ls]
[} Read
B spark to H20
== Table to H2O
v P write
B\ H20 To spark
= H20to Table
=gy Create H20 Sparkling Water Context
= H20 Local Context
¥ = MOJOs
» 425park
= H20 MOJO Predictor (Autoencoder)
== H20 MOJO Predictor (Classification)
== H20 MOJO Predictor (Cluster Assigner)
= H20 MOJO Predictor (Dimension Reduction)
== H20 MOJO Predictor (Regression)
= H20 MOJO Predictor (Word Embedding)
= H20 MOJO Reader
== H20 MOJO Writer
w = Manipulation
= H20 Column Filter
= H20 Model to MOJO
= H20 Partitioning
= Misc
= H20 Statistics
¥ = Models
w{=Generalized Linear Model
== H20 Generalized Linear Model Learner
== H20 Generalized Linear Model Learner (Regression)

© 2018 KNIME AG. All Rights Reserved.

= Generalized Low Rank Models
= H20 Generalized Low Rank Models (Missing Value Impute)
= Gradient Boosting Machine
== H20 Gradient Boosting Machine Learner
== H20 Gradient Boosting Machine Learner (Regression)
¥ = Naive Bayes
== H20 Naive Bayes Learner
vI=PCA
= H2O0 PCA
= H20 PCA Apply
= H20 PCA Compute
*{=Random Forest
== H20 Random Foresk Learner
== H20 Random Foresk Learner (Regression)
wi=k-Means
== H20 k-Means
== H20 Cluster Assigner
== H20 Predictor (Classification)
= H20 Predictor (Regression)

¥ [=Scoring

== H20 Binomial Scorer

= H20 Cross Validation Loop Stark
== H20 Multinominal Scorer

== H20 Regression Scorer

§ Open for Innovation

®



RECAP: KNIME H20 Machine Learning Integration (since 3.4)

H20 Generalized

Table Reader Linear Model Learner
— — B
- e
. ¢ ya . /" H20 Predictor H20 Multinominal
Load Data \:r able to H20 H2C Partitioning / Train model \{Clmifimtion} Scorer
.__F. R s
H20 Local C ,.-/ 5 y . .
ontext /’/ Import data to Patition data Predict test data Muliinominal classification
_..-/ H20 Frame 30/70 with appended ~ metrics and Confusion Matrix

class probabilities

Create local H20 context

© 2018 KNIME AG. All Rights Reserved.




New: H20 Sparkling Water Integration

H20 Generalized
Linear Model Learner

~—— / ® H20 Predictor H20 Multinominal
—— _ Spark to H20' H20 Partitioning / Train model (Classification) Scorer
- |
Create H20 Sparkling // - » s »
Water Context ) Martition data Predict testdata ~ Multinominal classification
| —ﬂ_ 30/70 with appended ~ metrics and Confusion Matrix
class probabilities

© 2018 KNIME AG. All Rights Reserved.




Scoring

H20 MOJO Reader Spark H20 MOJO Predictor
H20 MOJO Reader (Classification)
ol fa
. p
. . H20 MOJO Predictor / o
x\...ECImiﬂt:ation} CSV Reader Table to Spark ;x
,.--— B n_/
.-'"-. . ]
Table Reader e e .
_,-#’f Spark Context
o L
[ ]
[ ]
Score models on tables New: Deploy MOJO on Apache Spark

Open for Innovation ~ ®
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KNIME Server

— Jon Fuller -

© 2018 KNIME AG. All Rights Reserved.



Better Decision-making, Faster!

Load > Integrate > Transform > Analyze > Visualize

@ gy e S :
§ KNIME  :: :: Community :
o : - s ] ¥ - 1
v - Integrations :: -:  Extensions
e o § KNIME e
Q I )
S . KNIME Analytics Platform " Partner
Extensions :: . Extensions
KNIME Server
Collaborate Automate Manage Deploy

© 2018 KNIME AG. All Rights Reserved.



KNIME Software — On premise and in the cloud

— E E \aws}r ﬁ:{wgrrk /AAzure
On-Premise
KNIME KNIME KNIME
Analytics Analytics Analytics
Platform Platform Platform

KNIME Server KNIME Server KNIME Server

© 2018 KNIME AG. All Rights Reserved.



AWS Marketplace Updates

Qpen for Innovation

* Latest versions of ~ “xnme sy

#dddk (0) | Version 4.7.2 | Sold by KNIME.com

Regardless of whether you use the KNIME Analytics Platform for advanced analytics, machine

L ]
S O ft W a re a Va I | a b I e learning, business intelligence, or ETL tasks, you can use the KNIME Server to extend...

Linux/Unix, Ubuntu 16.04-3 LTS - 64-bit Amazon Machine Image (AMI)

° N ew: K N I M E KNIME  KNIME Server Medium for AWS

k& (0) | Version 4.7.2 | Sold by KNIME.com

Starting from $3.97 /hr or from $29,000.00/yr (17% savings) for software + AWS usage fees
S e rve r S m a | I Use the KNIME Analytics Platform to automate advanced analytics, machine learning, or data
prep/ETL tasks. Productionize your data science applications using the KNIME Server...
Linux/Unix, Ubuntu 16.04-3 LTS - 64-bit Amazon Machine Image (AMI)

L]
re e r I a O r KNIME KNIME Server Small for AWS
Free Trial sk (0) | Version 4.7.2 | Sold by KNIME.com

K N I IVI E S e rve r Starting from $1.16/hr or from $8,500.00/yr (17% savings) for software + AWS usage fees

Use the KNIME Analytics Platform to automate advanced analytics, machine learning, or data
prep/ETL tasks. Productionize your data science team with collaboration and automation...

S I I l a | I Linux/Unix, Ubuntu 16.04-3 LTS - 64-bit Amazon Machine Image (AMI)

Open for Innovation

KN|ME KNIME Analytics Platform

Free Trial
sk (0) | Version 3.6.1-a | Sold by KNIME.com

Starting from $0.06 to $0.06/hr for software + AWS usage fees
At KNIME, we build software for fast, easy and intuitive access to advanced data science, helping
organizations drive innovation. KNIME Analytics Platform brings the power...

Windows, Windows Server 2016 Base Windows Server 2016 Base - 64-bit Amazon Machine Image (AMI)

Open for Innovation ~ ®
© 2018 KNIME AG. All Rights Reserved. KN I M E



Azure Marketplace Updates

e |atest versions of
software available

¢ N eW: KN I M E Se rve r KNIME® Analytics KMNIME® Server

. Platform By KMIME
Med I u m ( Ma rketplace By KNIME KMIME® Server is our flagship
KMIME® Analytics Platform collaboration product,

. combines powerful open
I e analytics with on-demand

Software plans start at
$0.063/hour

Get it now @ Get it now @

Bring your own license

© 2018 KNIME AG. All Rights Reserved.



New Feature: Show API definition

A KNIME Brplorer 52 # B B | & & || VB = o

v AP knime-server (Emil @https://knimeserver:3443/tomee/ejb)
w [T Deployed Workflows
> [ data
A4 1. Train medel (on schedule)
A% 3. Predict Results Using REST A™
5 [ Examples ™ Mew Workflow Group...
v A= EXAMPLES (knime-guest@http://pul
@ Please login to access the server
W ﬁ LOCAL (Local Werkspace) Execute...

Deploy to Server...

/ ® Swagger Ul x|\

o) - o X

@ \ & Secure | https://knimeserver:8443/knime/rest/doc/index html?url=https%3A//knimeserver%3A8443/knime/rest/vd/reposit.. av\ as@ P

http:

1) swagger

pository/Deployed

Predict Results Using REST APl openapi

Explore

3. Predict Results Using REST Ap| =D @

trpsi/ ver:8443/knime/rest/ pository/Deployed Workflows/3. Predict Results Using REST APl:openap!

Servers I https:fknimeserver:8443/knime/rest/

()
» [ Example Workflows @ OpeninWebPortal
) Show APl definition |

Authorize @

18 KNIME AG. All Rights Reserved.

: Z metadata v

m Jv4/repository/Deployed Workflows/3.

Predict Results

Using REST API Show this workflow's metadata - ‘

job-control ™

[ﬂ Jv4/repository/Deployed Workflows/3.

Predict Results

Using REST APT:jobs Shows jobs of this workflow - ‘

’m Jv4/repository/Deployed Workflows/3.

Predict Results

Using REST API:jobs Createsanew jobfrom thisworkflow B ‘

execution ™

’m Jv4/repository/Deployed Workflows/3.

Predict Results

Using REST APT:job-pool Executesa job from this workflow ‘

A

Open for Innovation ~ ®
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New Feature: Manage and Monitor (Preferences)

* Features:
— Easier IT Operations.
— Manage Analytics Platform preferences centrally
— Include dependencies — e.g. driver files.
— Deliver updates to configurations automatically.

e Solution: Management (Preferences) part of the
Management Tools

Open for Innovation ®
© 2018 KNIME AG. All Rights Reserved. KN I M E



New Feature: Manage and Monitor (Preferences)

e Different
departments/teams
have different
requirements

 Multiple OS
deployments
e Windows 7
* Windows 10
* Linux
* macOS

Windows 10 Windows 7 Linux and macOS
Hive Oracle Python
Spark MS Access R

© 2018 KNIME AG. All Rights Reserved.



New Feature: Manage and Monitor (Preferences)

e Client-profiles
: e Python-Linux

KNIME Server * Python-macQOS
l fil * R-Linux
client-profiles C RmacOS

e Databases-Win7
* Big Data-Win10

e
dh

Profiles can include:
Preferences, drivers, and more

Marketing Finance

© 2018 KNIME AG. All Rights Reserved.



New Feature: Manage and Monitor (Preferences)

* Client-profiles
\ * Default
* default.epf

KNIME Server Python-Linux
* python.epf
client-profiles «  py-linux.sh
*  Python-macQOS
* python-mac.epf
* py-mac.sh

* R-Linux
*  R-linux.epf
* R-macOS

* R-mac.epf
* Databases

* db.epf

* oracle.jdbc

* msaccess.jdbc
* BigData

* bigdata.epf

Marketing Finance

© 2018 KNIME AG. All Rights Reserved.



New Feature: Manage and Monitor (Preferences)

Preferences O X
type filter text Customization Profiles P W
Open for Innovation ¥; Geners Here you can choose which KNIME Server to use when getting server managed profiles. The list shows which servers are
> Help available. It might take a few seconds until all the available servers are listed. Then you can select one server from the list or
K N I M E > Install/Update enter an address manually.
v KNIME .
EERET | AEable sever managedc
Data Storage Server
Databases £~ knime-server
JavaScript Views
KNIME Explorer
> KNIME GUI
Master Key
Meta Info Preferences
Preferred Renderers

Python

[ . . :
° s Workflow Coach https://localhost:8443/knime/rest Check mkche
ecommenaation: s fovpen
> Team
Here you can select one or more profiles that are provided by the selected server. You can also change the profile order if
M you select more than one profile. Preferences in selected profiles further down in the list will override preferences from
e a u t p r O I e S profiles further up in the list.
Note that changes are applied upon the next start.
knime.ini, all
to Knime.ini, alliow
f. | . f )
I I Iore p ro I eS I 1ResetALLpreferen<eslodefaults

needed —

Profile ~
default

windows

ORE §

linux
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Guided Analytics
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Guided Analytics?
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What we’d like to provide

Someone KNIME expert
who needs : :
data / Guided Analytics

workflows

analytics
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Guided Analytics workflows war |[

* *3
* Enable people who are not KNIME experts to work
with/explore/analyze/learn from data

 KNIME expert/data scientist creates workflow
capturing best practices

e Typically deployed via KNIME WebPortal

 Heavy use of KNIME’s interactive JavaScript views
for the user experience

§ Open for Innovation ®




Someone KNIME expert

S
data / Guided Analytics

Guided Analytics workflows

b

Bonus for everyone: the JavaScript views that we’re
building for Guided Analytics are also really useful in
“normal” KNIME workflows.
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Demo
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